
International Journal of AI, Big Data, Computational and Management Studies 
Noble Scholar Research Group | Volume 4, Issue 4, PP. 47-55, 2023 

ISSN: 3050-9416 | https://doi.org/10.63282/3050-9416.IJAIBDCMS-V4I4P106 

   

 

 

UM PEGA + AI Integration for Dynamic Care Path 

Selection in Value-Based Contracts 
 

Parth Jani1, Sarbaree Mishra2 

1IT Project Manager at Molina HealthCare, USA. 
2Program Manager at Molina Healthcare Inc., USA. 

 

Abstract: Combining UM PEGA with artificial intelligence in the dynamic array of treatment options for value-based contracts 

addresses the challenges of maximizing care delivery while preserving efficiency and economy. Selecting the best course of action 

for patients is crucial in value-based care models as it directly affects results and pay-back. Conventional methods can rely on their 

set clinical procedures, which could not contain actual time patient data or situational change. By using clinical standards and ML 

algorithms to evaluate patient information in actual time, the integration of UM PEGA with AI enhances this process. While AI 

algorithms regularly analyze and propose the most suitable treatment paths based on their individual patient profiles, historical data 

& more predictive analytics, the clinical guidelines included into PEGA procedures help to ease decision-making. This quick more 

decision-making ensures that treatment plans are tailored to the particular needs of every patient, therefore improving the outcomes 

of therapy & reducing their unnecessary expenses. The case study shows that this integration greatly improves the general patient 
experience, reduces delays in service starting, and greatly increases their decision-making accuracy. Combining clinical knowledge 

with advanced AI improves treatment route choice and fits the goals of value-based contracts by means of a more tailored, more 

efficient, and affordable healthcare delivery model. 
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1. Introduction 
Value-based contracts have been the main approach for improving service quality while controlling expenses, so 

healthcare delivery models have witnessed significant modifications recently. The change in the funding paradigm for healthcare 

providers from fee-for- service (FFS) to value-based care (VBC) marks is more significant. Value-based contracts inspire providers 

to provide their high-quality therapy that leads to better patient outcomes instead of being paid according to the number of services 

performed, often at discounted rates. This approach calls for a more efficient, effective & more customized care delivery system 

wherein the choice of the appropriate treatment route for every patient is more crucial. The changing healthcare environment is 

being acknowledged more and more the importance of adaptive care route selection in making sure that treatment delivery satisfies 

individual patient needs while optimizing their resource economy. In a value-based perspective, the traditional "one-size-fits-all" 

approach for care planning falls short. Actual time changes to care paths depend on a dynamic, individualized, and data-driven 
approach that fits every patient's specific clinical situation, preferences & more treatment outcomes. Within the context of value-

based contracts, the choice of dynamic care paths improves health outcomes and raises their cost-efficiencies qualities that are very 

vital. 

 

Selecting a dynamic treatment path means basing decisions on evidence and acting quickly to fit patients' evolving 

medical state. These assessments are more formed in a conventional clinical setting by clinical standards and expert opinions; 

nonetheless, they may not always represent the actual time context of a patient's clinical evolution. This restriction could cause 

poorer outcomes, delays in treatment & more inefficiencies. Healthcare professionals may improve treatment choice and simplify 

decision-making by using more creative technologies that enable the actual time examination of clinical guidelines & more patient 

information. Two technologies leading the front stage in this transformation are artificial intelligence (AI) and UM PEGA, which 

significantly affect the path of future care choice. Leading enterprise software platform UM PEGA helps businesses create, run & 
monitor more complex systems that maximize their processes and ensure consistency in decision-making. PEGA is often used in 

healthcare to automate and enhance processes like claims processing, care management, and usage of resources. Together with the 

ability to include many other data sources, the strong workflow automation tools help healthcare professionals to build a dynamic 

and adaptable system for patient care planning. 
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On the other hand, artificial intelligence (AI), particularly machine learning (ML), offers a fresh perspective to healthcare 

decision-making by letting computers examine vast patient information, identify trends, and provide forecasts. AI models can 

predict a patient's illness's course, provide more customized treatment plans, and identify probable hazards before they become 

significant concerns. By using more predictive analytics, patient data, and current research, AI integration with clinical decision 

support systems helps healthcare practitioners choose the best treatment route influenced by these factors. 

 
Figure 1: AI Models Can Predict A Patient's Illness's Course 

 

Combining UM PEGA with AI technology provides a strong answer for the dynamic range of care options in value-based 

contracts. Healthcare workers can make actual time, data-informed decisions that improve patient outcomes and save expenses by 

combining the analytical power of AI with PEGA's extensive workflow tools. This paper attempts to investigate how the 
integration of various technologies might maximize the choice of treatment path, thereby matching it with the goals of value-based 

contracts and improving clinical and financial outcomes for healthcare companies. Emphasizing the accomplishment of excellent 

value via patient-centered, efficient, and cost-effective treatment, the purpose is to show how this technological integration not 

only enhances care delivery but also promotes the general objectives of healthcare transformation. 

 

2. Background and Theoretical Framework 
2.1 Value-Based Contracts in Healthcare 

Value-based contracts (VBCs) prioritize more outcomes above volume, therefore reflecting a basic change in the 

reimbursement & delivery of their healthcare services. Value-based care (VBC) models incentivize clinicians for reaching 

exceptional patient outcomes, improving patient pleasure & lowering overall healthcare expenses unlike standard fee-for- service 

(FFS) models, which pay healthcare professionals for each service rendered. Value-based care's main goals are to improve their 

treatment quality and simultaneously control treatment expenses. This paradigm encourages a focus on preventive care, 

management of chronic diseases & reasonably priced by their treatments improving long-term health results. Under a Value-Based 

Care (VBC) system, healthcare providers are usually in charge of the whole cost of treatment given to a patient or community, 

including both direct treatment fees and indirect expenses such as hospital readmissions or issues. Maintaining patient health, 

reducing unnecessary treatments, and more effectively allocating resources to avoid wasteable healthcare expenses take front stage. 

Healthcare providers might obtain a portion of the savings they generate by delivering their treatment that follows accepted quality 

criteria while still within cost constraints, therefore aligning incentives. Emphasizing the management of the whole continuum of 
care instead of merely treating individual cases of illness, this supports a more complete approach to patient care. 

 

Value-based contracts present more various challenges even if their future benefits are great. The complexity of properly 

evaluating patient outcomes and more quality of therapy is a major challenge as it may be subjective and influenced by many 

extraneous events unrelated to the control of a provider. Moreover, healthcare professionals have to change with the latest care 

coordination models, which often call for significant changes to clinical practices and the incorporation of the latest technologies. 

The variability of patient populations adds another challenge to the development of generally efficient more conventional treatment 
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routes among different groups. At last, Value-Based Care models depend on a strong data infrastructure to track patient outcomes 

and properly estimate cost savings. This calls for more sophisticated technology that may be costly and time-consuming to 

implement but can combine, analyze & display data from multiple sources in real time. 

 

2.2 Microneters PEGA's Overall Overview 

Renowned for its ability to automate more commercial activities, manage complex processes, and combine data from 
numerous sources into more coherent systems, PEGA is a strong corporate software platform. Established in 1983, PEGA has 

grown to be a common choice for businesses trying to maximize their operations and improve customer experiences in many other 

fields, including healthcare. By use of a rule-based architecture, the platform helps businesses to create processes, automate 

activities & apply business rules to intricate, multi-stage procedures. PEGA's rule-based approaches are more particularly helpful 

in the healthcare sector as they help to create dynamic, automated decision-making systems supporting more administrative and 

therapeutic purposes. The platform provided by PEGA helps healthcare providers set guidelines for patient eligibility validation, 

care coordination, use control & more decision assistance. Incorporating more clinical standards and institutional norms into 

PEGA's procedures helps healthcare professionals ensure that consistent, evidence-based principles control every stage of a 

patient's treatment path. This ensures that the selected treatment approach follows corporate guidelines and best practices. 

 

PEGA's flexibility in handling complicated, continually changing systems is a big benefit for hospitals. The fast changes 

in patients' needs, symptoms & more treatments define the highly dynamic nature of healthcare delivery. The workflow automation 
tools of PEGA help healthcare providers to quickly adapt to these changes & ensure that treatment is given fast and most 

effectively. Moreover, PEGA's great integration capacity offers simple data exchange with Electronic Health Records (EHRs), 

Clinical Decision Support Systems (CDSS), and other healthcare technologies, thus presenting a whole picture of patient data that 

can direct decisions. PEGA's ability to improve the openness of decision-making procedures and help adherence to regulatory 

requirements adds even another advantage for use in healthcare settings. PEGA's capacity to carefully record every stage of a 

process & give auditable documents assures that businesses follow legal criteria and provides a strong means of keeping an eye on 

the effectiveness of the provision of treatment. 

 

2.3 Health Artificial Intelligence and Machine Learning 

Through more accurate, efficient, and personalized decision-making, artificial intelligence (AI) and machine learning 

(ML) are transforming healthcare. Artificial intelligence relates to the development of computers able to do functions traditionally 
requiring human intelligence, such as predictive analysis, data-driven learning, and more pattern recognition, including A subset of 

artificial intelligence (AI), machine learning (ML) relates to systems that, free from explicit programming, learn and improve their 

performance over time. AI and ML technologies find utility in many facets of healthcare, including predictive analytics and clinical 

decision support. AI and ML algorithms search vast amounts of data from many sources including EHRs, laboratory results, and 

medical imaging in clinical decision-making to help healthcare professionals find diseases, project patient outcomes, and choose 

the most effective treatment paths. Based on real-time patient data, AI-driven clinical decision support systems (CDSS) may 

recommend therapeutic treatments or point out relevant hazards, therefore enabling quick responses improving patient care. 

 

Predictive analytics which uses past patient data to project the likelihood of future events such disease progression, 

hospital readmissions, or adverse pharmacological reactions is a primary use for artificial intelligence and machine learning in 

healthcare. These projections enable medical professionals to actively monitor patients, therefore lowering the risk of issues and 

improving general quality of treatment. Based on a patient's unique characteristics including genetic factors, medical history, and 
lifestyle AI and ML models may identify the most appropriate treatment options in care route choosing. By use of predictive 

analytics, artificial intelligence may continuously modify treatment plans using real-time data, therefore ensuring that therapy 

remains in line with the evolving needs of the patient. 

 

2.4 Integration Artificial Intelligence with UM PEGA 

By means of a dynamic, data-informed decision-making framework, the combination of UM PEGA with AI enhances the 

care route selection process. Combining PEGA's rule-based approach with AI's predictive power helps medical professionals to 

make better informed, customised decisions regarding patient treatment instantly. Combining AI models with PEGA systems 

allows actual time grading and treatment plan recommendations based on their patient information. While PEGA's workflow 

automation assures the continuous adherence to the recommended care route, an AI model may analyze a patient's risk for a certain 

condition and propose a treatment path tailored to that risk level. By means of a coherent, automated decision-making system that 
improves both treatment quality & more efficiency, this integration helps healthcare providers to incorporate clinical standards, 

institutional norms, and actual time data into. 
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A key component of the system is the control of clinical decisions within this integrated environment. At every stage of 

the treatment process, PEGA's rule-based systems control the clinical decisions, therefore ensuring adherence to predefined 

guidelines and regulations. Concurrently, artificial intelligence continuously assesses patient data and adjusts treatment 

recommendations based on the most current knowledge. This real-time rating feature ensures that the selected treatment route 

regularly meets the needs of the patient, therefore improving outcomes and reducing unnecessary expenses. Particularly for value-

based contracts, healthcare providers may create a more effective, tailored, and responsive system for care management by using 
the benefits of both PEGA and artificial intelligence. 

 

3. The Integration Model 
3.1 AI Model Scoring Mechanism 

Actual time decision aid in dynamic route selection is built on machine learning (ML) models. These algorithms predict 

the most appropriate therapeutic paths depending on a patient's individual characteristics & medical history by using many other 

data sources. The core of AI-driven decision-making in healthcare lies in these models' ability to examine more complex data and 
identify trends or patterns maybe invisible to human practitioners. Often trained on huge datasets comprising patient demographics, 

clinical histories, laboratory results & many other health indicators, the machine learning models used for scoring give predictive 

insights into patient outcomes, treatment efficacy & more probable dangers. Suggestions for optimal care paths come from a 

variety of ML techniques. Of the most often used models are: Trees for Decision Making: These simple yet effective models depict 

decisions dependent on input properties by means of a tree-like architecture. A decision tree may evaluate factors like age, medical 

history & more current symptoms in the framework of care route choosing to suggest a certain treatment or care plan. Decision 

trees are interpretable, which lets doctors rapidly understand the decision-making process & makes them consequently important 

for uses requiring openness. 

 

Deep learning architectures called neural networks are very good at handling huge, complex datasets. Neural networks 

may provide very exact predictions & shine in spotting more complicated interactions among multiple data points. In the medical 
field, they are often used to evaluate more medical imaging, project disease progression, or provide tailored treatments based on 

their patient's evolving condition. These models combine different learning strategies in order to improve forecast accuracy. An 

ensemble of decision trees, a random forest could combine results from many other models to get a final prediction. This method 

fits management of different healthcare data as it reduces overfitting and improves the resilience of predictions. As new patient 

data is gathered, real-time decision assistance is triggered when AI models consistently change their projections. For example, the 

AI model reevaluates the patient's status and could change the recommended course of action when a new test result arrives into 

the system. This continuous feedback system helps medical professionals to make the most informed decisions depending on the 

most recent statistics. 

 

3.2 PEGA's Contribution to Decision Oversight and Workflow 

Pega's purpose in this integration is to ensure that the recommended care paths are consistently and successfully followed 

by automating & optimizing the decision-making process. Using rule-based systems, PEGA automates many aspects of patient 
intake, treatment regimen authorization and execution, including aspects of care administration. By integrating artificial 

intelligence scoring models into these systems, PEGA creates a dynamic, real-time decision-making environment that harmonizes 

automation with clinical oversight. Through every stage of the treatment process, PEGA's workflow management ensures 

compliance with more clinical guidelines and rules. For instance, PEGA may start automatic actions including informing the care 

team, scheduling visits, or creating necessary documentation for approval following the AI model's recommendation for a 

treatment route. This automation provides a flawless flow of the treatment process free from delays and lowers human participation 

by eradicating errors. 

 

Including artificial intelligence models into PEGA's decision-making process helps to harmonize clinical governance with 

predictive analytics. The decision rules engine of PEGA ensures that every recommendation generated by the AI model follows 

organizational guidelines and healthcare standards. Should a particular treatment stray from evidence-based guidelines or more 
legal requirements, PEGA's workflow might prevent the decision from being carried out and notify the care team for inspection. 

This guarantees that AI recommendations are more regularly evaluated in conformity with more clinical criteria, therefore 

maintaining the integrity of the decision-making process. 

 

3.3 Engine in Clinical Rules 

Integrating AI model scores with institutional processes, regulatory regulations & evidence-based recommendations 

requires the PEGA clinical rules engine which is indispensable. PEGA's clinical recommendations are more arranged according to 

best practices, laws, and internal healthcare facility standards. These recommendations specify the suitable actions to be carried out 

in more numerous clinical situations, including the choice of patient interventions, treatment recommendations, or more care paths. 
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PEGA's process combines clinical guidelines including those from the National Institute for Health and Care Excellence (NICE) 

and many other professional medical organizations into one to ensure that decisions follow accepted criteria of treatment. 

 

Protecting patient safety & maximizing therapeutic effectiveness depend on the interaction between the more clinical rules 

engine and AI model scores. PEGA's rules engine compares recommendations made by AI models against accepted more clinical 

criteria when they provide care path ideas. Should a proposed course of treatment follow more clinical norms and rules, it is 
promptly approved and followed. Still, PEGA will draw attention to any contradictions between the AI recommendation and more 

clinical procedures that is, if the AI suggests a treatment not approved by clinical guidelines for deeper research. The governance 

built by the clinical rules engine ensures responsible, observable, and auditable usage of AI. Following accepted rules and 

legislation can help medical practitioners maintain the best standards of more patient care and help to lower the risks connected 

with AI-driven decision-making. 

 

3.4 Prompt Activities 

Providing personalized & more adaptive care under the PEGA framework depends on the choice of care routes made 

possible by actual artificial intelligence. When a patient's medical data is contemporaneously updated by the latest test results, 

progress notes, or changes in the patient's condition the AI models constantly reassess the patient's situation and modify their 

recommendations for therapy. This process ensures that treatment plans regularly match the current needs of the patient, therefore 

producing better outcomes and more efficient use of resources. For a patient with a chronic condition, for example, if they show 
fresh symptoms or test results suggesting a change in their health, the AI model may immediately adjust the suggested treatment 

path to include this revised knowledge. The workflow management of PEGA ensures seamless integration of real-time 

modifications into the care process. By automating these updates, decision-making is accelerated and human error is reduced, 

therefore ensuring that the patient receives the most appropriate therapy at every stage of their journey.  

 

Different data sources affect the dynamic care paths selected by the combined artificial intelligence-PEGA system. The following 

sources consist: 

 E-health records, or EHRs: Extensive patient data including medical history, diagnosis, test results, and medications is 

included in Electronic Health Records (EHRs). Using this information, the artificial intelligence model assesses the 

patient's condition and generates a treatment plan fit for their specific medical need. 

 Data on claims helps one understand patient demographics, previous treatments, and healthcare costs. By use of data 
analysis, the artificial intelligence model may predict the most cost-effective course of action complying with quality 

criteria. 

 The predictions of the AI model are influenced by the past interactions of a patient with the healthcare system including 

past hospitalizations, treatments, and outcomes. This guarantees that the selected treatment plan fits the long-term health 

needs of the patient. 

 Combining these many other data sources will enable the AI model to constantly improve care route recommendations 

with actual time data, thereby ensuring that the care process remains dynamic, patient-centric, and more coherent with 

value-based care goals. The PEGA framework ensures that more clinical guidelines are followed in decision-making, 

therefore supporting a clear and more ethical healthcare delivery system. 

 Combining AI with PEGA techniques offers a strong foundation for actual time, customized treatment route choice that is 

more effective and in line with value-based care ideas and clinical best practices. Combining the predictive powers of 
artificial intelligence with PEGA's governance and automation helps healthcare providers improve patient outcomes, save 

costs, and improve decision-making. 

 

4. Case Study: Implementation in a Healthcare System 
4.1 Setting the Stage 

4.1.1 Introduction to the Healthcare Provider and Context 

Under a value-based contract, this case study's healthcare provider a huge regional healthcare system in the United States 
serves as both a payer & a provider. Oversaw a network of hospitals, outpatient clinics & more primary care institutions, the 

system employs around 3,000 people and accommodates a wide patient demographic spanning numerous states. In its value-based 

care initiative, the healthcare system has chosen to maximize & enhance their treatment route choice using UM PEGA and AI 

technologies. The growing more complexity of providing patient care & the need to improve healthcare delivery while either 

maintaining or increasing patient outcomes drove this decision. Value-based contracts drive the organization as they help to keep 

patient health, reduce unnecessary operations & avoid costly hospital readmissions. Still, traditional methods of choosing a course 

of treatment that often relied on their strict clinical criteria and physical operations were unable to meet changing needs of 

individual patients. This required the use of advanced technology to improve their decision-making, maximize operations & finally 
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cut costs while guaranteeing outstanding service quality. The necessity for actual time, data-informed decision-making & the 

ability to provide customized treatment paths that meet individual patient needs while complying to the goals of value-based 

contracts were the main forces for deploying the UM PEGA and AI integration. 

 

4.2 Design of the Solution 

4.2.1 Thorough integration process Initial Needs evaluation and objectives: 
The initial stage of the integration process included an extensive review of the present systems of the company, care route 

choosing strategies & the previously used technology. This involves thorough involvement with key players like doctors, hospital 

managers & IT staff to find areas where actual time decision aid and automation would have the biggest impact. While reducing 

unnecessary expenses, the aim was to improve more clinical decision-making by means of data utilization to customize their 

treatment paths and improve patient outcomes. The healthcare system teamed with data scientists & ML experts to identify their 

appropriate machine learning models after realizing the requirement of more predictive analytics in the choice of the path of 

treatment.  

 

Healthcare data is more complex, hence a combination of ensemble methods including Random Forest and decision trees 

was used. While retaining interpretability for more clinical staff, these models may handle multiple data inputs including patient 

demographics, medical histories, test results & many other clinical information. Crucially for producing accurate projections in 

changing healthcare environments, the ensemble techniques presented a balance between resilience and accuracy. The integration 
team focused on automating care route selection depending on the ML model generated by PEGA's rule-based systems. Designed 

to monitor the decision-making process for treatment paths, PEGA guarantees that whenever AI models provide recommendations, 

they are methodically assessed, approved, or changed based on accepted more clinical criteria and rules.  

 

PEGA's flexible flow design guaranteed that data from patient records could be utilized in actual time to aid decision-

making by allowing smooth connectivity with the current Electronic Health Record (EHR) system. Integration with EHR Systems: 

A key assessment was how well UM PEGA and artificial intelligence technologies fit the pre-existing EHR architecture of the 

healthcare system. By means of continuous updates on patient information such as laboratory results, diagnosis, and previous 

treatments this connectedness allowed the AI models to ensure that the most recent information was always available for the choice 

of the treatment path.  

 
The interface was set up to ensure that changes made to patient information in the EHR system were immediately 

reflected in PEGA procedures, therefore enabling real-time decision support and adjustments to treatment routes. Important 

stakeholders actively participated throughout the design process to ensure the solution satisfied operational as well as clinical 

needs. Integrating the technical stack was assigned to IT teams so that data from EHRs would flow into PEGA without error. 

Engaged to define the therapeutic criteria and ensure that the chosen treatment paths followed medical best practices, clinicians 

were Healthcare management helped to align integration with main company goals, which included improving patient outcomes 

and reaching value-based care benchmarks. 

 

4.3 Method of Action 

4.3.1 The Implementation Process's Chronology 

The UM PEGA and AI integration took place in steps over a 12-month period: 

 Phase 1: Months 1–2: planning and requirements gathering During this phase, the integration team thoroughly assessed 
their present practices and found specific problems with regard to the choice of the care route. Convinced to create key 

performance indicators (KPIs) and validate that the solution would fit the particular needs of the hospital system were 

healthcare experts, IT staff & managers. 

 Phase 2: Creation of PEGA Workflow and AI Model and Configuration (Months 3–6) While PEGA processes were set to 

follow more clinical guidelines, data scientists concentrated on the choosing and training of ML models using previous 

patient information. The team focused on enabling smooth interaction between PEGA and artificial intelligence models by 

means of their integration. 

 Phase 3: System Testing and Integration using Electronic Health Records (Months 7–9: Actual patient data was used for 

testing the system; an EHR system interface was developed. This phase needed significant debugging to ensure constant 

data flow across systems and the inclusion of actual time patient updates into the decision-making process. 

 Phase 4: Training and Pilot Testing spanning months 10–11: One of the regional clinics of the healthcare system started a 
test project. In this step, doctors assessed the AI-generated care path recommendations in real-world environments and 

provided feedback to improve the PEGA techniques as well as the machine learning models. Training on the new system 

was given to administrative staff and clinicians, who also got ongoing support. 
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 Phase 5: Complete Application (Month 12) The technology was put into use throughout the whole hospital network after 

successful pilot testing. To enable flawless integration and issue solving, constant supervision and support were provided. 

 

4.4 Challenges and Answers 

4.4.1 Many challenges surfaced throughout the implementation period: 

 Ensuring that the data used for training the machine learning models was of better quality and free of mistakes proved to 
be a primary challenge. Inconsistent or missing data in patient records might compromise the accuracy of the AI systems. 

Working with clinicians, the IT team standardized data entry processes in the EHR system thereby ensuring consistent 

capture of vital data points. 

 Training the machine learning models on varied patient groups proved challenging, particularly in ensuring that the 

models were both exact and generalizable. The answer was a hybrid approach combining ensemble models to increase 

forecast accuracy while maintaining flexibility. Frequent model changes were done to improve forecasts using newly 

obtained patient data. 

 Aligning the PEGA procedures with the clinical decision-making process took a lot of time as it needed thorough 

physician participation to ensure that the processes were both simple and effective. The approach consisted of an iterative 

design process wherein processes were assessed in real-world clinical settings and changes were carried out based on 

clinician feedback. 

 

4.5 Effects and Significance 

4.5.1 Improvements in Efficiency and Care Path Precision 

UM PEGA and AI used together greatly improve the accuracy and more efficiency of choosing a treatment path for the 

healthcare system. Using actual time data to provide treatment suggestions, the AI algorithms have helped doctors make more 

informed decisions. Clinicians report that they can now more effectively customize therapy paths, hence improving alignment with 

patient needs and lowering of unnecessary treatments. 

 

4.5.2 Critical Performance Measures (CPMs) 

Reduced Hospital Readmissions: Hospital readmission rates dropped by 12% in the first six months of total adoption, 

suggesting how well customized their treatment paths help to solve issues and improve more patient outcomes. Improved patient 

outcomes evidenced by clinical findings, evaluated by patient satisfaction surveys & later health indicators; patients had less 
adverse events and shorter recovery times resulting from more well coordinated treatment regimens. Mostly due to improved care 

route selection, a reduction in unnecessary testing, and a lower readmission rate, the healthcare system saw a 10% drop in overall 

treatment expenditures. 

 

4.5.3 Comparative Evaluation 

Clinicians reported a significant drop in the time set for the manual review of patient records and treatment route 

choosing. Their decision support system powered by artificial intelligence lets them focus less on administrative tasks and more on 

patient care. Clinicians noted that because PEGA's automated processes guaranteed consistency across all team members, the 

integration improved collaboration among care teams. Particularly with the tailored treatment approach, patients showed higher 

satisfaction with their therapy. The improved processes were appreciated by the administrative staff as they improved operational 

effectiveness and reduced delays in the delivery of services. All things considered, UM PEGA and artificial intelligence increased 
the accuracy and effectiveness of treatment route choosing, therefore producing better patient outcomes and cost savings. Using the 

benefits of both technologies has helped the healthcare system increase its ability to meet the goals of value-based care and 

improve the general quality of treatment. 

 

5. Conclusion 
Particularly in light of value-based contracts, the combination of UM PEGA processes with AI-powered decision support 

systems is revolutionizing healthcare delivery. The requirement of dynamic, data-driven treatment route selection has never been 
more important as healthcare practitioners are more and more charged with enhancing more patient outcomes while managing 

expenses. Healthcare institutions may guarantee their best treatment options and deliver individualized care that fits with more 

patient demands by integrating actual time patient data & ML models into clinical decision-making. Value-based contracts, in 

which the focus is on achieving the highest possible health outcomes while controlling expenses, depend critically on this 

integration. The predictive powers of AI mixed with the workflow control of UM PEGA produces a strong system that automates 

& maximizes choice of treatment approach. By guaranteeing constant adherence to more clinical rules and regulations, PEGA's 

rule-based systems guarantee a methodical approach to treatment & help to reduce administrative load and human error. 

Concurrent with this, the incorporation of AI models guarantees that the best suitable therapy is always chosen by allowing actual 
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time updates and more dynamic changes to care courses depending on fresh patient information. Predictive analytics combined 

with automation simplifies the decision-making process, therefore improving the delivery of healthcare by means of more effective 

tools. 

 

In value-based healthcare systems, the combination of AI and PEGA finally marks a major step in transforming the choice 

of treatment courses. Harnessing actual time data and sophisticated ML algorithms guarantees that patients get the most 
individualized, evidence-based treatment, therefore boosting results & lowering needless expenses. The advantages far exceed the 

difficulties still present in data quality, model training & also process alignment. Embracing this technology helps healthcare 

institutions ensure their success in the changing terrain of value-based care by unlocking the latest degrees of operational 

efficiency, cost-effective behavior & more patient pleasure. Healthcare providers, insurance companies & technology businesses 

must investigate and make investments in the integration of AI with PEGA as systems of healthcare change. These systems may 

provide more patient-centered, sustainable healthcare solutions by improving decision-making via data-driven insights & raising 

their treatment route accuracy. This integration presents a bright future because great treatment is not only possible but also viable, 

therefore enabling healthcare companies to flourish within value-based contracts. Digital, dynamic, and driven by innovation, 

healthcare is the future; embracing this change will help to improve results and propel efficiency all over the sector. 
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